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The present study introduces a continuous tracking procedure to investigate cognitive stopping

in individual trials. Our measure of stopping performance had a mean similar to mean stopping

times estimated in the stop signal paradigm, suggesting a common underlying process. Additional

findings indicate that stopping performance and tracking performance were dissociable. First,

while stopping times were primarily affected by stop signal modality, tracking performance was

primarily affected by tracking difficulty. Second, tracking performance influenced tracking but

not stopping in immediately following trials. Stopping influenced neither tracking performance

nor stopping in immediately following trials. Finally, there was no correlation between tracking

performance and stopping performance, or any dependency between them as found in the condi-

tional means.

The control of our actions is an important aspect of human behaviour. An extreme form of

cognitive control is stopping an overt action. For example, upon the conductor’s signal the

musicians must abruptly cease playing their instruments. The cognitive aspects of stopping

have been primarily investigated within the framework of the stop signal or countermanding

procedure (Logan, 1994; Logan & Cowan, 1984; Osman, Kornblum, & Meyer, 1986, 1990).

This procedure employs a choice or a simple reaction time (RT) task (the go task), and in

certain trials the participants receive an additional signal (the stop signal) indicating that they

must refrain from carrying out the intended response. By varying the delay between the go and

stop signals, an inhibition function can be calculated, presenting the probability of response

inhibition as a function of the delay or some transformation of it (Logan, 1981, 1982; Logan &

Cowan, 1984; Logan, Cowan, & Davis, 1984).
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The stop signal procedure has been developed hand in hand with its theoretical framework,

the race model, which assumes that the go and stop processes race in parallel, independent of

each other. Together, the model and experimental procedure enable calculation of the time

required for completion of the inhibition of the action. This time is commonly referred to as

the SSRT (stop signal reaction time). SSRT cannot be computed directly from behavioural

data, but its estimate is derived mathematically employing one or more assumptions. Of these,

the most essential is the stochastic independence of go and stop processes. Thus, the finishing

times of the go process are independent of the finishing times of the stop process (Logan,

1994). Much research in the area has focused upon validating the race model and examining

the influence of various manipulations on ballistic, automatic, and controlled processes (De

Jong, Coles, Logan, & Gratton, 1990; Logan, 1982; Osman et al., 1986, 1990). Aside from its

importance for the calculation of SSRT, the independence of stop and go processes has

broader theoretical relevance, since several authors have suggested that control processes

(such as stopping) and controlled processes (such as going) are dissociable (e.g., Gopher,

Armony, & Greenshpan, 2000).

In spite of its elegance, the stop signal paradigm provides only a single statistical measure-

ment of SSRT and does not enable measuring individual stopping times. Colonius (1990) pro-

posed a means of calculating the entire inhibition distribution, but nonetheless the method

provides an estimate and is based on several assumptions. In this study we present a procedure

analogous to the stop signal paradigm, where the stopping is observable as an overt action.

This task enables us to determine individual stopping times by measuring stopping in a con-

tinuous go task. To investigate the stopping times estimated on the basis of the new procedure,

we capitalized on several relatively well-established findings concerning the stop signal para-

digm. Specifically, research using the stop signal procedure has determined that SSRT is rela-

tively stable across conditions, participants, and tasks (Jennings, van der Molen, Brock, &

Somsen, 1992; Logan, 1994). SSRT was also found to be little affected (Logan & Burkell,

1986), or totally unchanged (Logan et al., 1984) by practice. Thus, most research utilizing the

stop signal procedure points to a unitary mechanism of stopping (Band & van Boxtel, 1999),

invariant across different requirements and situations, and even assumes it (Osman et al.,

1986, 1990). In accordance with this conclusion, mean SSRT is consistently found to be

between 200 and 400 ms (Logan, 1994).

It should be noted that De Jong, Coles, and Logan (1995) proposed an alternative view

according to which there are two mechanisms of inhibition: a central mechanism that is rela-

tively slow, controlled, and selective, and a peripheral mechanism that is relatively fast but

nonselective. Thus, this model suggests that inhibitory processes vary in different situations

and could involve distinct strategies. De Jong et al. also questioned the validity of the key

assumption of the race model: the independence of stop and go processes. Consequently, it is

unclear at present what mechanisms of inhibition exist and their relations to other cognitive

processes.

As mentioned earlier, the current procedure measures stopping a continuous response.

Using such a task is consistent with previous research on stopping. For example, Logan and

Cowan (1984) and Logan (1994) suggested that the inhibition of continuous responses is simi-

lar to that of discrete responses. Ladefoged, Silverstein, and Papcun (1973) examined the

interruptibility of speech, considered to be a continuous response. They monitored speech

responses after participants were given a signal to stop and initiate a different response (e.g.,
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tapping). Although Ladefoged et al. arrived at individual stopping times, their main interest

was the differences in the ability to stop during different stages of speech. Continuous tasks

have also been used within the framework of the stop signal procedure. De Jong et al. (1990,

1995) used a continuous response but applied a discrete criterion to it in order to employ the

race model and the mathematical procedure to estimate SSRT.

In the following experiments we asked participants to track a visual stimulus with the aid of

a computer mouse. This made it possible to continuously and directly measure the process of

stopping when participants were given a signal to stop without relying on a specific model and

its various assumptions. Another advantage of using a continuous go task is that it enables one

to arrive at the SSRT for each individual trial, as opposed to a mean SSRT derived from the

race model. Individual measures for each trial allow several fine grain analyses of the results,

which could lead to novel insights regarding stopping behaviour.

One reason why individual stopping times may be interesting is the recent developments in

RT research. These show that some important attentional processes have a selective influence

on the upper tail of the RT distribution (e.g., Jolicoeur & Dell’Acqua, 1998; Spieler, 2001).

Such differential effects can be seen by looking at how a given manipulation affects the various

quintiles of the distribution, a procedure known as Vincentizing (e.g., De Jong, Berendsen, &

Cools, 1999). In addition, individual stopping times make it possible to examine sequential

effects, such as how performance on the previous trial influenced performance on the current

trial. Previously, Rieger and Gauggel (1999) found that RTs to the go task were delayed when

following stop signal trials. Nonetheless in the conventional stop signal task, sequential effects

on the inhibition process cannot be observed and to date have not been estimated. In the pres-

ent task, we were able to compute across-trial correlations between tracking (go) and stopping

performance measures and to study trial-to-trial sequential effects for both measures.

Our main interest was in exploring the continuous tracking task and validating it. More-

over, this study was designed to provide an initial demonstration of the advantages of the

tracking task. Since the go task was continuous, we were able to measure overt stopping per-

formance and detect the time and distance where the first signs of stopping were evident in

each trial. The present task allows one to take advantage of the individual SSRTs to examine in

depth, and relatively directly, the issue of independence of stop and go processes. The proce-

dure should provide information from a different route of inquiry from those used before. It

must be noted that the operational definition of the SSRT in the current procedure does differ

from that defined by the stop signal procedure, although our estimates were surprisingly

similar.

EXPERIMENT 1

In order to validate the tracking procedure, several manipulations were included in the first

experiment. It has been demonstrated that auditory RTs are faster than visual RTs, although

the reasons for this phenomenon are disputed (Goldstone, 1968; Kohfeld, 1971; Woodworth

& Schlosberg, 1954). Given the simple RT-like aspects of stopping performance (Logan &

Cowan, 1984), one would predict faster stopping times in response to auditory stop signals

than in response to visual stop signals. This would be in accordance with Colonius, Ozyurt,

and Arndt (2001) who have found this to be the case for inhibition of eye movements. In

addition, tracking difficulty (manipulated through target speed) was expected to affect
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tracking performance but not stopping performance. Tracking performance was estimated by

tracking distance, the distance between the target and the mouse cursor, with a smaller distance

indicating better performance. It was postulated that signal modality would influence stop-

ping processes (mainly SSRT) while tracking difficulty would influence task execution pro-

cesses (mainly tracking distance). Finally, trial length was manipulated as an exploratory

variable, to examine whether expectancies and top down mechanisms may influence perfor-

mance (Logan, 1994). Trial length was defined as the time from the onset of the trial to the

onset of the stop signal. Note that trial length could be seen as analogous to the frequency of

stop signal trials in the stop signal paradigm. The longer the trial length, the less frequent the

stop signals in a given period of time.

Method

Participants

We present results from 12 undergraduate students at Ben-Gurion University of the Negev, who

participated in the experiment as part of the requirements for an introductory psychology course. All

participants (7 women and 5 men) reported being right handed and having normal or corrected-to-nor-

mal vision and hearing. One participant failed to stop on a high percentage of the trials (due to self-

reported fatigue) and was replaced by another.

Apparatus and stimuli

The tracking task was performed on an IBM-compatible Pentium 200-MHz computer with RAM

memory of 64k, a 14" colour monitor (screen resolution 480 by 640 pixels), and a standard mouse

(Logitech PS2). Since the computer program demanded high performance, these were the minimal

requirements necessary to run the experiment. Participants were seated approximately 50 cm from the

screen and were given an optional mouse pad to use at their own convenience.

The visual stimuli in the experiment consisted of a target: a green square (0.69° by 0.69°, measured in

visual angles) and the standard white mouse cursor arrow (0.57° by 0.80°) presented on a black back-

ground. The visual stop signal was the flashing of the entire screen in red for 100 ms, while the auditory

stop signal was a 100 ms tone of 1000-Hz emitted from the internal computer speaker.

Design and procedure

The independent variables (all manipulated within participants) were stop signal modality (visual,

auditory), tracking difficulty (manipulated through target speed: easy, hard), and trial length (short, long).

Two parameters specified target motion. The first was the distance travelled along a trajectory; in this

experiment this parameter was held constant at 180 pixels. The second parameter was the time the target

was displayed on screen for a given location along the trajectory. By changing the second parameter, we

manipulated target speed and, therefore, difficulty: Target display time was 65 ms for the slower/easy

condition and 45 ms for the faster/difficult condition. The remaining factor, trial length, included short

trials randomly selected from the range of 10–30 s (average of 20 s) and long trials randomly selected from

the range of 50–70 s (average of 60 s).

The experiment comprised four sessions, of approximately 40 min each, held on consecutive days.

Each session included four blocks of 11 trials. The first trial of each block was regarded as practice and

was omitted from the analyses. Thus, each participant completed 160 trials that were analysed. Each

block consisted of only one type of stop signal (visual/auditory) and one level of difficulty (easy/hard).

Half of the trials in a block were long, and half were short, randomly presented, with the warm-up trial
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always being short. The order of the blocks was counterbalanced in a Latin square (per session) within an

additional Latin square (per whole experiment), resulting in four possible orders.

The participants were tested individually and were read instructions briefly describing the task. The

importance of the stopping task and persistence in the tracking task were emphasized equally. Each trial

began with the target presented at the centre of the screen (see Figure 1 for the sequence of events in a

trial). To initiate a trial, participants pressed the left button of the mouse. Upon doing so, the target

began to move in a random direction as determined by the computer program. The participants tracked

the target with the arrow (i.e., the mouse cursor), attempting to minimize the distance between them. It

was pointed out in the instructions that keeping the cursor on the target is extremely difficult and that

merely keeping it as close as possible would be sufficient. At the end of each trajectory, the target began

another with the direction determined randomly by the program until the time determined by trial

length, after which the stop signal was presented. The participants persisted in the tracking task until

given the stop signal and then they stopped as fast as possible. They were told that in order for the stop to

be considered, they had to refrain from moving the cursor for several seconds without lifting their hand

(the program considered a 1-s pause of the mouse as a final stop). After an interval of 4 s after the mouse

cursor was stopped completely, the next trial began with the target in the centre of the screen. If the par-

ticipant did not stop the mouse from moving within 10 s of receiving the stop signal, the next trial began.
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Results and discussion

Data collection and computation

For each trial, many different samples of data were collected both before and after the stop

signal, yielding different dependent measures. One measure, tracking distance, was the mean

Euclidean tracking distance (in pixels) between the mouse cursor and the target during the last

5 s before the stop signal. Small tracking distance indicates better performance. Each tracking

distance value was the average of at least 147 samples taken by the program during the 5 s.

The remainder of the data were collected after the presentation of the stop signal. From the

onset of the stop signal, the program noted the two-dimensional spatial coordinates of the

mouse cursor on the computer screen. The program then computed the average Euclidean

distance between the present cursor position and the cursor position at which the stop signal

was initiated. The average Euclidean distance was based on a sampling of the spatial coordi-

nates during the 20-ms interval.

Final stopping time was defined as the time between the onset of the stop signal and final

stopping. Final stopping distance consisted of the Euclidean distance (in pixels) between the

initial cursor position (at the time of the stop signal) and the cursor position at the time of the

final stop. SSRT was defined as the time, computed by an analysis program, when the initial

signs of stopping could be observed in the continuous tracking performance (the detailed algo-

rithm is described below). SSDIS (stop signal distance) is the distance between the position of

the cursor at the time of the stop signal and its position at the time of SSRT. All dependent

variables, aside from the tracking distance, are portrayed graphically in Figure 2.

On initial examination of the continuous difference performance, it was noted that a con-

sistent pattern emerged when plotting distance as a function of time elapsed since the onset of

the stop signal (see Figure 2). At first, the function was linear, portraying movement at a con-

stant speed. Then the function decelerated, indicating that the participant began stopping.
1
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A possible objection to this procedure is that the participants simply continued tracking, and the observed pat-

tern of deceleration simply reflected a change in cursor trajectory. There are several reasons why this is implausible.

First, when we observed the participants, we saw that they stopped almost immediately with no obvious changes in

trajectory. Second, tracking difficulty (manipulated by target speed) did not significantly affect SSRT, while SSRT

was influenced by stop signal modality. Tracking difficulty was strongly related to changes in target trajectory since

the distance along a given trajectory was constant, 180 pixels. Since the stop signal was given randomly, independ-

ently of the position along the trajectory, the chances that the trajectory would change during stopping were higher

when tracking was more difficult, and the target moved faster. Third, there was a high correlation, .82, between

SSDIS and final stopping, which strongly suggests that SSDIS reflected stopping. Fourth, if initial stopping

reflected only a change in trajectory, the average SSDIS should have been 90 pixels (one half of trajectory length), but

in practice it was much shorter, 39.90. Fifth, the ratio of target speeds between hard tracking and easy tracking was

65/45 = 1.44, whereas the ratio of tracking speeds after the stop signal and until initial stopping was 0.23 pixels/ms vs.

14 pixels/ms, a ratio of 1.64 (this difference between tracking speeds was the only significant effect in the analysis of

variance (ANOVA), F(1, 11) = 133.12, MSE = 2.63, p < .001). In other words, the ratio of tracking speeds was numer-

ically larger than the ratio of target speeds. However, if stopping merely reflected a trajectory change, one would

expect the reverse pattern. Specifically, we measured the Euclidean distance from the stopping point, whereas the

actual distance presumably travelled was city-block—that is, larger. Hence, the speed we observed when a trajectory

change occurred was smaller than the actual speed. Moreover, a trajectory change was more likely when tracking was

difficult. Hence, the expected tracking speed ratios, according to the argument, would be lower than the target speed

ratios, whereas in practice we observed the reverse pattern.



Consequently, we used the following algorithm to detect the point at which substantial decel-

eration occurred (i.e., when the function stopped being linear). A linear regression analysis

was performed initially on the first five measurements (equivalent to the first 100 ms), with

distance from the stop signal point as the dependent variable and time bin as the independent

variable. The resulting regression model was used to predict the distance of Measurement 6.

In the next iteration, the regression analysis included Measurements 1–6, to predict the dis-

tance of Measurement 7, and so forth until the 104th observation. Stopping initiation was

defined as the point after which four consecutive positive deviations were identified (i.e.,

where the predicted cursor distance was larger than the actual cursor distance). Four consecu-

tive positive deviations were selected as the criterion, because the probability of this occurring

by chance is 1/2
4

or 0.0625, close to conventional significance levels.

Because the regression began with the first five observations, the minimal stopping initia-

tion could be detected in the sixth observation. The algorithm then averaged the time of the n

trial with that of the n + 1 trial, in order to produce a conservative measurement, since slowing

began somewhere between the two measurements. Therefore the range of SSRT was pre-

determined to be between 130 ms and 2030 ms, with a temporal resolution of 20 ms. For

example, if from the sixth measurement, the deviations continued to increase, the resulting

SSRT would be computed as follows: 6*20 + 10, yielding a SSRT of 130 ms. The algorithm

successfully detected stopping in 78% of the trials. In the remainder of the trials the algorithm

did not detect the commencing of a stop according to the prespecified criterion, and these were

labelled as trials in which SSRT was undetermined. In the example trials in Figure 1 the

algorithm identified the initial stopping (SSRT) at 130 ms and 250 ms.
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Figure 2. A plot of the distance as a function of time, for exemplar trials with SSRT of 130 ms and 250 ms. Horizon-

tal and vertical dashed lines illustrate four of the dependent variables for the trial where SSRT is 250 ms. Full arrow-

heads indicate the point in time where the initial signs of stopping are identified by the algorithm. Empty arrowheads

indicate the values of each of the dependent measures.



Overview of analyses on tracking distance, final stopping

time/distance and SSRT/DIS

The analyses comprised two parts. First, analyses of means were conducted and, following

that, analyses of individual trials. The second part can only be performed when there are mea-

sures of individual stopping times. Figure 3 presents a schematic outline describing the analy-

ses performed and the main results.

Analyses of means

Trials where final stopping time was fastest (1.2%, less than 100 ms) or slowest (1.2%, over

3000 ms) were discarded from all analyses.

Analyses of all trials. As predicted, tracking distance was shorter for easy trials than for

difficult trials. In other words, participants managed to get the cursor closer to the target when

the tracking was easy than when it was difficult. Furthermore, auditory final stopping time

was shorter than visual final stopping time. Moreover, final stopping distance was longer

when tracking was difficult than when it was easy. The fact that final stopping distance but not

final stopping time was affected by tracking difficulty is easily explained by the fact that target

(and tracking) speed was higher when tracking was difficult than when tracking was easy.

Thus, given similar times, more distance was travelled when breaking in the difficult condi-

tion.

Analyses of variance (ANOVAs) performed on tracking distance, final stopping time, and

final stopping distance according to the variables described in Design and Procedure con-

firmed these results. There was a significant effect of tracking difficulty on tracking distance,

F(1, 11) = 132.1, p < .001. Average tracking distance was 26.6 pixels when tracking was easy

and 38.76 pixels when tracking was difficult. No other sources of variance were significant in

this analysis. An ANOVA on final stopping time revealed only a main effect of stop signal

modality, F(1, 11) = 4.58, p < .05, where the average final stopping time was 494 ms for the

visual signal and 450 ms for the auditory signal. An ANOVA on final stopping distance

indicated only an effect of tracking difficulty, F(1, 11) = 54.4, p < .001, where the average final

stopping distance was 39 pixels for the easier tracking condition and 57 pixels for the more

difficult condition.

Analyses of determined SSRT trials. The algorithm successfully detected initial stopping

in most of the trials (78%), and in these trials we could compute SSRT and SSDIS. As pre-

dicted, auditory SSRT was shorter (230 ms) than visual SSRT (240 ms). In addition, SSDIS

was shorter when tracking was easy (31 pixels) than when it was difficult (48 pixels). An

ANOVA on SSRT revealed a significant main effect for stop signal modality, F(1, 11) = 13.00,

p < .01. The ANOVA on SSDIS indicated an effect of tracking difficulty, F(1, 11) = 145.3,

p < .001.

Although SSRT and SSDIS appear to be superior measures with less noise due to motor

activity, the present analyses were not conducted on the same sample as that in the previous

analysis. To ensure comparability of the two samples, we repeated the analyses of final stop-

ping time/distance on trials with determined SSRT. The results were analogous to those

found when all trials were analysed. An ANOVA on final stopping time data revealed the
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effect of signal modality, F(1, 11) = 6.05, p < .05, with means of 541 ms and 487 ms for the

visual and auditory signal, respectively. Analysis of final stopping distance indicated the effect

of level of difficulty, F(1, 11) = 72.66, p < .001, with means of 41 and 60 pixels on average for

the slower and faster conditions respectively.
2

Analyses of trials with undetermined SSRT. Since SSRT/DIS were undetermined for

22% of the trials, analyses of these trials could only apply to final stopping time and final stop-

ping distance. Nonetheless, we sought to further ensure the generality of our conclusions. The

ANOVA on final stopping time did not reveal any significant effects, although signal modality

did reach a significance level of p < .09 in the same direction as that in the previous analyses.

The ANOVA on final stopping distance revealed a main effect of tracking difficulty, F(1, 11)

= 6.65, p < .05. Mean final stopping distance was shorter (31 pixels) when tracking was easy

than when it was difficult (42 pixels). Unlike in the previous analyses, there was also a signifi-

cant effect of trial length, F(1, 11) = 6.13, p < .05. Mean final stopping distance on shorter

trials was 39 pixels, and for longer trials 33 pixels. Thus, the results are similar though not

identical to those of the previous analyses. The differences could be attributed to the much

smaller number of trials on which these analyses were based.

Comparison of determined and undetermined SSRT trials. The present analyses constitute

an attempt to clarify the differences between trials with determined SSRT and without deter-

mined SSRT. The only difference, which we identified, was that when SSRT was deter-

mined, stopping was delayed both in time and in distance (see Appendix for additional

analyses).

Mean final stopping time was shorter (321 ms) in undetermined SSRT trials than in deter-

mined SSRT trials (514 ms), t(1875) = 10.76, SE = 18.05, p < .01. Likewise, mean final stop-

ping distance was shorter (36 pixels) in undetermined SSRT trials than in determined SSRT

trials (51 pixels), t(1875) = –5.92, SE = 2.52, p < .01.

In order to examine the average frequency of each trial type at each stage of the experiment,

two additional tests were performed. These analyses indicated that undetermined SSRT trials

were equally common at various stages of the experiment and were not more common under

any particular condition. The first analysis compared the average sequential trial number

across sessions of each trial type, t(1875) = 0.96, ns. The second compared the average number

of each trial type, within session, collapsed across all four sessions, t(1875) = 0.3, ns. In addi-

tion, a series of χ2
tests examined whether the relative frequencies of determined and undeter-

mined SSRT trials were related to the three independent variables. All the tests were

nonsignificant, all χ2
(1) < 1.8.

Analyses of individual trials

Overview of analyses of individual trials. In the following analyses, we realized the advan-

tages of measuring individual stopping times. These consisted of comparisons of distribu-

tions, Pearson correlations, and sequential effects (see Figure 3).
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We also analysed two difference measures: RT Diff = final stopping time – SSRT, and DIS Diff = final stopping

distance – SSDIS. These analyses were repeated whenever applicable and no significant effects were found.



Distribution comparisons. It is possible that although the means were not influenced by

some manipulations, the shape of the distributions may have been affected. The results sug-

gest that this is not the case. Vincentizing of SSRT (e.g., Ratcliff, 1979) indicated that all the

effects reported above were statistically equivalent across the different parts of the distribu-

tion, when the 5th, 25th, 50th, 75th, and 95th percentiles were examined. Thus, an ANOVA

that included percentile as an additional factor did not show any additional effects other than a

trivial main effect for percentile, F(4, 44) = 183.9, p < .001. Vincintizing SSDIS indicated that

SSDIS was longer for harder trials, as found before, but interestingly this effect was larger in

the upper tail of the distribution than in the lower tail of the distribution. This was verified in

an ANOVA that included percentile as a factor. There were main effects for percentile, F(4,

44) = 136.8, p < .001, and tracking difficulty, F(4, 44) = 76.1, p < .001, as well as an interaction

between them, F(4, 44) = 18.2, p < .001. This interaction reflected the fact that the effect of

tracking difficulty was larger among trials where SSDIS was relatively large (for the 75th and

95th percentiles) than among those were SSDIS was relatively short (the lower percentiles),

F(1, 11) = 25.7, p < .01.

Pearson correlations. Correlational analyses were used for two major purposes: first, to

examine practice effects; and second, to explore the intercorrelations between the various
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dependent measures, most notably between tracking distance and SSRT. The most important

result is the practically null correlation between tracking distance (indicating the efficiency of

“go” processes) and SSRT (indicating stopping efficiency). Moreover, practice effects on

SSRT were negligible. Analyses in this section were performed using meta-analytic proce-

dures specified by Rosenthal (1991). Initially, correlations on individual trials were calculated

within each participant separately, and then the Fisher’s Z transformations of the correlations

were averaged across participants. In addition, the combined significance using Rosenthal’s

combined Z test was computed.

Practice effects on SSRT were explored by computing the mean correlation between

SSRT and sequential trial number, which was r = –.05, and significant, Z = 2.03, p < .05.

Although practice resulted in significantly shorter SSRT, as there was a negative correlation

between trial number and SSRT, the effect was negligible in size. A somewhat larger effect of

practice was found for tracking distance, where the mean correlation between tracking dis-

tance and sequential trial number was r = –.12, and significant, Z = –5.05, p < .001. The means

of Pearson correlations between each two of the dependent variables were examined in the

same manner. These values appear above the principal diagonal in Table 1 (each value repre-

sents a mean of 12 correlations). The most important finding is that of a practically null corre-

lation between SSRT and tracking distance. In addition, there were significant correlations

among the two stopping time measures (SSRT and final stopping time), and among the two

stopping distance measures (SSDIS and final stopping distance).

Sequential effects. In this section, we explored how performance in previous trials

affected performance in the current trial. The results indicated that tracking distance in previ-

ous trials affected tracking distance but not SSRT in the current trial. Furthermore, SSRT in

previous trials affected neither SSRT in the current trial, nor tracking distance.

Tracking distance was taken to be the best estimate of tracking performance, while SSRT

was taken to be the best estimate of stopping performance. As seen in Table 1, the correlation

between them was extremely low and nonsignificant. In order to examine the relation between

these measures in detail, cross-correlation analysis (i.e., the correlation between SSRT in
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TABLE 1

Mean correlations between main dependent variables for Experiments 1 and 2

Final stopping Final stopping Tracking

SSRT SSDIS time distance distance

SSRT — .17* .17* –.01 –.02

SSDIS .39* — .01 .82* .25*

Final stopping time .29* .13* — .09* .03

Final stopping distance .28* .94* .14* — .29*

Tracking distance .03 .26* .01 .24* —

Note: Correlations for Experiment 1 are above the diagonal, and correlations for Experiment 2 are below the

diagonal. Mean correlations and combined significance computed using Fisher’s Zr transformation and Rosenthal’s

(1991) procedure. All times are in milliseconds, and all distances are in pixels. SSRT = stop signal reaction time;

SSDIS = stop signal distance; final stopping time = final reaction time.

* p < .05.



preceding trials and tracking distance in the current trial or vice versa) was performed between

them for lags of 0 to 24. In addition, we explored the possibility of sequential relations within

each of these two measures by computing autocorrelations with lags of 0 to 24 (i.e., the correla-

tion between SSRT in preceding trials and SSRT in the current trial and the same for tracking

distance). The analyses were performed separately for each participant. The results of the

cross-correlation analysis indicated no consistent pattern, supporting the initial conclusion

that there is no correspondence between the tracking distance and the SSRT.

The autocorrelation analyses performed individually for tracking distance and SSRT

revealed very different patterns. Maximal positive autocorrelations for tracking distance were

at a lag of 1 or 2 for 10 of the 12 participants (mean lag for maximal autocorrelation was 3.1).

The maximal positive autocorrelations for SSRT were on average at a lag of 9.25. The range of

maximal autocorrelations for tracking distance was between r = –.21 and r = .45, and for SSRT

between r = –.15 and r = .26. Thus, while tracking distance had the highest positive

autocorrelations at shorter lags, SSRT had no such systematic ordering of autocorrelations.

This finding indicated that performance on a given trial was influenced by preceding trials in

the case of tracking performance, but not in the case of stopping performance.

Conditional means. While Pearson correlation measures the linear relation between two

variables, in order to test stochastic independence one needs to consider other forms of rela-

tion as well (Poldrack, 1996). We therefore computed the eta-square of SSRT conditioned on

the binned tracking distance (10 equal bins) and the eta-square of tracking distance condi-

tioned on the binned SSRT. These analyses examine whether SSRT could be predicted from

tracking distance and vice versa. If the finishing times of each process are indeed independent

one from the other then the conditional means will not show any consistent pattern of results.

Specifically, for each participant we binned one measure, computed the conditional means of

the other, and compared these means using an ANOVA. When these analyses were per-

formed, there was only 1 significant eta-square out of a possible 12 in predicting SSRT from

tracking distance. Moreover, there were no significant eta-squares in predicting tracking dis-

tance from SSRT. The significant result was due to the first bin being significantly longer

than all the others. Eta-square values ranged from .047 to .144 for SSRT when binning track-

ing distance, and .037 to .111 for tracking distance when binning SSRT. In addition, we aggre-

gated the data across all participants. This enables us to look for commonalities, and it

increased the statistical power substantially. The results indicated nonsignificant eta-squares

in both analyses.

Conclusions

In conclusion the results indicated that SSRT and final stopping time were affected by the

stop signal modality, while tracking distance, SSDIS, and final stopping distance were

affected by tracking difficulty. The analyses of the individual trials indicated that signal

modality did not affect the shape of the distribution of SSRT, but that tracking difficulty led to

a larger effect on SSDIS in the longer responses. Pearson correlations and sequential effects

indicated consistent differences between SSRT and tracking distance. Finally, conditional

means also did not show any consistent relation between SSRT and tracking distance.
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EXPERIMENT 2

In Experiment 1, trial length was not found to have any effect on either tracking or stopping

performance. It was hypothesized that this factor might influence the expectancies of the par-

ticipants regarding the likelihood of a stop signal, thus reflecting a top-down component.

Since trial length was manipulated within block trials, which means it varied unpredictably

between trials, it is possible that participants did not develop lasting strategies to deal with this

variable. The second experiment was conducted to examine whether participants would

develop stable expectancies if they received similar trial lengths within a series of trials. It was

similar to Experiment 1, with the exception that trial length was either short or long within

each block of trials. Furthermore, we hoped to replicate the findings of Experiment 1.

Method

Participants

A total of 12 undergraduates participated as part of the requirements for an introductory psychology

course. All participants (10 women and 2 men) reported being right handed and having normal or cor-

rected-to-normal vision and hearing.

Apparatus and stimuli

All apparatus and stimuli were identical to those of the previous experiment.

Design and procedure

The design and procedure were the same as those in Experiment 1. The only difference was that the

two trial lengths were now presented in separate blocks. Since each block still included the same number

of trials, blocks of short trials lasted much less than blocks of long trials. Each session included two blocks

of each kind of trial length, with the order counterbalanced within session and across participants.

Results and discussion

The results were analysed in the same manner as in Experiment 1.

Analyses of means

Trials where final stopping time was faster than 100 ms and slower than 3000 ms (3.6%)

were discarded from all analyses. SSRT and SSDIS were computed according to the algo-

rithm described in Experiment 1. The algorithm detected initial stopping in 67% of the trials.

Figure 4 presents a summary of the main analyses and results of Experiment 2.

Analyses of all trials. Average tracking distance was 18.1 pixels when tracking was easy

and 27.1 pixels when difficult. The difference between the two levels was the same as that

found in Experiment 1, although overall performance was somewhat improved. Examination

of final stopping times indicated that short trials resulted in faster final stopping times. Final

stopping distance was found to be shorter when tracking was difficult. Furthermore, final

stopping distance was shorter for auditory signals than for visual signals when tracking was

difficult.
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An ANOVA on tracking distance with signal modality, tracking difficulty, and trial length

as repeated measures found a significant effect only for tracking difficulty, F(1, 11) = 292.7,

p < .001. An ANOVA on final stopping times revealed a significant effect of trial length, F(1,

11) = 10.9, p < .01. No other effects were significant, although signal modality was marginal

(p < .08). Final stopping times were 451 ms on short trials and 486 ms on long trials. An

ANOVA on final stopping distance indicated significant effects for tracking difficulty, F(1,

11) = –150.6, p < .01, signal modality, F(1, 11) = 26.4, p < .01, and their interaction, F(1, 11) =

9.8, p < .01. Mean final stopping distance was 51 pixels when tracking was difficult and 30

pixels when tracking was easy. Final stopping distance was also longer when the signal was

visual (45 pixels) versus auditory (36 pixels). The interaction indicated that signal modality

influenced final stopping distance when tracking was difficult (58 vs. 44 pixels for visual and

auditory signals respectively), F(1, 11) = 9.83, p < .01, but not when tracking was easy (31 vs.

29 pixels for visual and auditory signals, respectively, ns).

Analyses of determined SSRT trials. As in Experiment 1, auditory signals led to faster

SSRTs (225 ms) than did visual signals (257 ms). Furthermore, there was an interaction

between signal modality and trial length, where the difference between the two modalities was

larger in longer trials. SSDIS was longer when tracking was difficult (49 pixels) than for easy
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Figure 4. Main analyses and results in Experiment 2. In each analysis box the dependent measures yielding signifi-

cant results are shown with the significant factors in parentheses.

Note: *Effects were marginal: .05 < p < .1.



trials (27 pixels). In addition, SSDIS was longer when the signal was visual (43 pixels) than

when it was auditory (33 pixels). Finally, there was an interaction between tracking difficulty

and signal modality where the difference between modalities was larger when tracking was

difficult.

An ANOVA on SSRT indicated a significant effect for signal modality, F(1, 11) = 45.9, p <

.01, and for the interaction, F(1, 11) = 6.3, p < .05. A closer inspection of the interaction indi-

cated that the difference between modalities was significant both for short trials, F(1,11) =

7.67, p < .05, and for long trials, F(1, 11) = 30.1, p < .001. Signal modality had a larger effect in

the longer trials than in the shorter trials due to longer SSRTs for visual signals (263 vs. 251

ms) and shorter SSRTs for auditory signals (216 vs. 234 ms). An ANOVA on SSDIS revealed

significant effects for tracking difficulty, F(1, 11) = 105.9, p < .05, signal modality, F(1, 11) =

48.6, p < .05, and their interaction, F(1, 11) = 6.3, p < .05. Additional analyses were conducted

on final stopping time/distance trials for which SSRT was determined. The results were

identical for final stopping distance, while for final stopping time trial length became margin-

ally significant (p < .07).

Analyses of undetermined SSRT trials. SSRT/DIS were undetermined for 33% of the

trials. In order to examine the generality of our conclusions, ANOVAs were conducted on

final stopping time/distance for undetermined trials. The ANOVAs replicated the original

findings as conducted on all trials.

Comparison of determined and undetermined SSRT trials. As in Experiment 1, the only dif-

ference found was that in determined SSRT trials final stopping times were longer (547 ms)

and extended over a larger distance (45 pixels) than undetermined trials (302 ms and 34 pixels,

for final stopping time and distance, respectively). Thus, a comparison between determined

and undetermined trials for final stopping time was significant, t(1841) = –13.78, p < .001, as

was the comparison for final stopping distance, t(1841) = –6.52, p < .001.

Analyses of individual trials

Comparison of distributions. In order to examine whether the entire shape of the distribu-

tion of stopping performance was affected by the manipulations in Experiment 2, additional

analyses were conducted on Vincentized SSRT and SSDIS. For SSRT, the effect of signal

modality was found in all but the 5th and 95th percentiles. For SSDIS, tracking difficulty was

found to influence all percentiles, but as in Experiment 1 it had a larger effect in the upper per-

centiles (75th and 95th percentiles). Furthermore, trial length was found to influence SSDIS

only on trials where the distance to the initial stop was the longest (i.e., the upper tail of the dis-

tribution). Two ANOVAs verified these findings. In the first analysis, on SSRT, main effects

were found for percentile, F(4, 44) = 175.6, p < .001, and signal modality, F(4, 44) = 27.4, p <

.001. Moreover, there was an interaction between the two factors, F(4, 44) = 3.13, p < .05,

which was found to result from significant differences between SSRTs for the visual and audi-

tory signals in all but the highest and lowest percentiles. Finally, there was an interaction

between signal modality and trial length, F(1, 11) = 5.3, p < .05, identical to that reported in

the mean analysis of SSRT. In the second analysis, conducted on SSDIS, main effects

were found for all factors: percentile, F(4, 44) = 223.4, p < .001, signal modality, F(1, 11) =
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24.8, p < .001, tracking difficulty, F(1, 11) = 148.2, p < .001, and trial length, F(1, 11) = 8.2,

p < .05. In addition, several interactions were found between percentile and tracking diffi-

culty, F(4, 44) = 15.6, p < .001, percentile and trial length, F(1, 11) = 4.9, p < .05, and signal

modality and tracking difficulty, F(4, 44) = 8.9, p < .001. Tracking difficulty had a signifi-

cantly larger effect in the 75th and 95th percentiles, F(1, 11) = 32.7, p < .01.

Pearson correlations. Again we hoped to examine practice effects, as well as the

intercorrelations between the various dependent measures. Practice effects on SSRT were

larger than those found in Experiment 1, as indicated by the mean correlation between trial

position and SSRT of –.14, Z = –17.1, p < .001. The correlation between tracking and trial

position was –.09 and significant, Z = –10.1, p < .001. Final stopping time/distance and

SSDIS also showed correlations with trial position of the same magnitude as the correlation

between SSRT and trial position. These correlations ranged from –.14 to –.11, and all were

highly significant.

The mean Pearson correlations between each two of the dependent variables were also

examined and are presented below the diagonal in Table 1. As in the previous experiment,

there was a nonsignificant correlation between SSRT and tracking distance. In fact, all stop-

ping measures correlated with each other, and the stopping distance measures correlated with

tracking distance. Of interest is the high correlation between stopping distances measured ver-

sus the low correlation between stopping times. This replicates the finding of Experiment 1.

Since further dissociations were found between the two measures, further discussion will be

deferred until the next section.

Sequential effects. We examined how performance in the current trial was affected by

performance in previous trials, using the analyses from the previous experiment. The cross-

correlation (i.e., the correlation between SSRT in preceding trials and tracking distance in

the current trial or vice versa) again did not indicate any consistent pattern, adding further

evidence for the lack of correspondence between tracking performance and SSRT. The

autocorrelations (the correlation between SSRT in preceding trials and SSRT in the current

trial and the same for tracking distance) revealed different patterns for each of the two

measures, supporting the previous finding that while preceding trials influenced tracking

performance, this was not the case for stopping performance. Maximal positive

autocorrelations for tracking distance were found up to lags of 3 for 10 of the 12 participants

(mean lag for maximal autocorrelation was 2.5). The mean position of maximal positive

autocorrelations for SSRT was 7.6. The range of maximal autocorrelations for tracking

distance was between r = –.40 and r = .48, and for SSRT between r = –.17 and r = .26.

Conditional means. When SSRT was examined for each participant conditional on track-

ing distance bins, none of the 12 comparisons yielded significant results. Analyses of tracking

distance data conditional on SSRT bins indicated that 3 comparisons of the 12 were signifi-

cant. However, no consistent differences emerged; in one case the significance resulted from

larger tracking distance in a fast SSRT bin, in another it was due to larger tracking distance in

the slower SSRT bins, while in the third it was due to shorter tracking distance in the fastest

SSRT bin. The analysis on the data aggregated across participants again showed no significant

effects.
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Conclusions

In summary, most of the effects found in Experiment 1 were replicated in Experiment 2. This

provides converging evidence for the initial findings, suggesting that the task generates reli-

able results. The difference between the two experiments was the blocking of trial length in

Experiment 2. Blocking trial length resulted in two related effects on stopping. First, when

stop signals occurred more frequently, participants were quicker to reach a complete stop.

This is an example of where strategic expectancies influence stopping performance. Second,

less frequent stop signals led to a larger effect for stop signal modality. In particular, less fre-

quent auditory stop signals led to faster stopping performance as measured by SSRT but also

less frequent visual stop signals led to slower stopping performance. Consequently, when

stopping was less expected the more salient auditory signal was more effective in the initiation

of the stopping. The lack of convergence between final stopping time and SSRT implies that

the two measures may be differentially sensitive to strategic components.

Trial length was not found to have any effect on tracking distance, indicating that tracking

performance was not affected by such expectancies. This is contrary to the results typically

found using the stop signal task (Logan, 1981, 1994), where expectancies have been found to

influence the speed of the go task but not that of stopping performance. The present study

presents evidence that the trade-off between an action and its inhibition can be shifted so as to

influence the stopping process.

It can be argued that the manipulation of stop signal frequency as employed in the conven-

tional countermanding procedure has a different influence from that of manipulating trial

length in the present task. Nonetheless, in both cases expectancies are influenced by what the

participant perceives to be the task that he or she is to perform most of the time. In the case of

the shorter trials in the tracking task, stopping occurs more often for a given amount of time

than in the longer trials.

The stopping distance measures in the current experiment were sensitive to tracking diffi-

culty as found previously. Moreover, an effect of stop signal modality and its interaction with

tracking difficulty were consistently found in all analyses of final stopping distance and

SSDIS. This asserts that distance measures are sensitive to cognitive components of the stop

signal such as its modality, in addition to motor components of the tracking task itself. This in

turn supports the notion that the most sensitive measures of stopping performance are those

based on speeded RT measures as they are not affected by motor components.

GENERAL DISCUSSION

The current experiments present a first attempt to explore a new tracking procedure to esti-

mate individual stopping times. The results of both experiments indicated that stopping was

faster to auditory stop signals than to visual stop signals. Furthermore, tracking performance

was worse when tracking was more difficult, and the distances required to begin and complete

the stop were longer. In Experiment 2, where trial length was consistently long or short within

any given block, modality also influenced stopping distance measures in difficult trials. Fur-

thermore, signal modality had a larger effect on longer trials for SSRT, and final stopping

times were longer when trials were longer.
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The continuous go task yields several direct measures of stopping performance for each

individual trial. In essence, a stopping profile can be shown for each trial (for examples see Fig-

ure 2). Presently, we have shown that stopping distance measures are more sensitive to motor

components such as tracking speed, while stopping RT measures are more sensitive to per-

ceived characteristics of the stop signal itself as well as to possible cognitive aspects such as

expectancies. It is also the case that measures of the final stop are not always convergent with

the measures of the initial signs of stopping. This first study using the continuous tracking task

has demonstrated the value of examining all of the dependent measures. In the future, one may

choose only a single measure or possibly hypothesize a specific pattern of dissociations

between the measures.

We capitalized on the advantages of the new procedure to examine the assumption con-

cerning independence of stop and go processes. The results indicated that stopping perfor-

mance and tracking (go) performance were dissociable. Several functional dissociations were

found. First, while stopping times were primarily affected by stop signal modality, tracking

performance was primarily affected by tracking difficulty. Second, in both experiments,

tracking performance was affected by tracking performance in immediately preceding trials,

while this was not the case for stopping performance.

Additional evidence supported the independence assumption. The correlation between

tracking performance and stopping performance was close to zero and nonsignificant for both

experiments. Furthermore, the conditional mean analyses indicated that there were no consis-

tent dependencies between tracking and stopping performances. One should be careful in

interpreting these analyses as supporting the independence assumption because a null correla-

tion, for example, could result from a combination of a positive indirect link and a negative

indirect link. Possibly, it could be that tracking distance is affecting negatively one meditating

variable and positively another mediating variable, and both of these meditating variables have

a positive correlation with SSRT, which would result in a null correlation between tracking

distance and SSRT. Nonetheless, the present results add strength to the assumption of inde-

pendence between stop and go processes, although they do not prove it.

One of our main goals was to show that stopping times in the new procedure are sufficiently

analogous to those obtained in the stop signal paradigm. In the stop signal task all trials begin

with a go signal, to which the participant is invariably required to respond. The stop signal is

typically introduced before the go process has been completed. This particular task leads to a

situation that can be viewed as a race in which on some occasions the go process wins the race,

but on other occasions the stop process wins the race. The situation is quite different in the

continuous go task where on each trial the participant both tracks the target and eventually

stops. Here the go task has in a sense been “winning the race” for quite some time, and in fact

the metaphor of a race reaches a limitation of sorts. When the stop signal is presented, the go

process is simply deemed irrelevant, and the stopping process now takes over. There is no

cause for the stop process to “lose the race”, provided the participant has perceived the stop

signal and is compliant with the task requirements. The typical trial length in the tracking task

is currently also much longer than that of a typical trial in the stop signal procedure. In future

experiments, trial length may be either extended in the conventional task, or shortened con-

siderably in the tracking task. In addition, it may be possible to obtain a new measure of the go

process by measuring RT to an unpredictable onset of target movement at the beginning of the

trial. This was not possible in the current experiments as the participant initiated each trial.
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Although the two tasks may be viewed as different, there are several lines of evidence that

imply that they are measuring the same stopping process. First, conceptually both tasks have

set out to measure the speed required to stop an overt action. Second, our findings converge

surprisingly well with findings that result from research employing the stop signal procedure

(Logan, 1994). The present measure of SSRT had a mean (235 ms and 241 ms for Experi-

ments 1 and 2, respectively) similar to mean stopping times estimated in the stop signal para-

digm (Logan, 1994). Estimations regarding the length of the inhibition process when using the

stop signal procedure range from just below 200 up to 400 ms (Jennings et al., 1992; Logan,

1994; Logan et al., 1984; Osman et al., 1986). The mean SSRT in the present paradigm was

also in this range and appeared to be stable across different samples of participants. Further

support for the similarities of the two different stopping measures was found by Scheres,

Oosterlaan, and Sergeant (2001) who studied children suffering from attention deficit and

hyperactivity disorder (ADHD). Similarly to the stop signal paradigm, in the new procedure

ADHD children had faster stopping times when methylphenidate was administered. Finally,

a recent study by Morein-Zamir, Nagelkerke, Chua, Franks, and Kingstone (2002) compared

SSRT measures from both tasks in a within-subject design. The correlation between SSRT as

computed from the stop signal task and a modified version of the tracking task was .84 and sig-

nificant, implying a common mechanism mediating both stopping processes. Taken together,

one can conclude that the present estimates of stopping performance are sufficiently close to

those obtained using the stop signal paradigm.

Assumptions other than independence between stop and go are sometimes used in con-

junction with race model in the stop signal procedure. One such assumption is the

invariance of stopping times (Osman et al., 1986, but see De Jong et al., 1990). Logan and

Cowan (1984) described a model that included variance in SSRT and were able to obtain

estimates of it, hence the invariance assumption was known to be limited. Nonetheless, most

studies assume invariance of stopping times, so as to obtain estimates of SSRT with greater

ease (e.g., De Jong et al., 1990). The present results provide support to the claim that such

assumptions should be treated with caution. We found SSRT to be affected by stop signal

modality (see also Colonius et al., 2001, for a similar conclusion for eye movements), and in

Experiment 2 this effect interacted with trial length. In Experiment 2, the shape of the

distribution was also altered somewhat by stop signal modality. Cavina-Pratesi, Bricolo,

Prior, and Marzi (2001) have recently demonstrated that SSRTs computed in the stop

signal task were 14 ms faster when the signal to stop was the redundant flashing of two white

discs than when it was a single disc. It is therefore evident that the stop processes can be

speeded up by salient or easily processed stimuli. We interpret the signal modality effect as

influencing factors like signal detection difficulty and not the stopping process itself. None-

theless, effects on SSRT do indicate that factors such as the nature of the stop signal itself

may threaten the assumption of invariance.

The nature of the stop signal has not been widely investigated. It may well be that not only

will more salient stimuli lead to faster stopping, but that the relationship between the go and

stop stimuli will also be found to be of importance. In the present study, the go stimulus was

always visual, while the stop signal modality was fixed to be either visual or auditory. At pres-

ent it remains unclear whether the slower stopping times to visual signals could also in part

result from the fact that the go stimulus was also visually presented. Typically, the stop signal

is indeed auditory, and the go signal is visual, but it does not have to be the case.
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In summary, the present results based on individual stopping times from a new stopping pro-

cedure supported the independence assumption between go and stopping processes. The find-

ings also indicate that stopping may be more similar to other cognitive processes than previously

suggested, and in the future it may even be found to be less unitary than currently assumed

(Logan, 1994). In view of the fact that there is no clear account of stopping mechanisms (Band &

van Boxtel, 1999; De Jong et al., 1995; Logan, 1994; McGarry & Franks, 2000), important

insights may be gained by using continuous go tasks. In the future, it would also be beneficial to

compare the two tasks and to examine whether possible dissociations could emerge.

REFERENCES

Band, G. P. H., & van Boxtel, G. J. M. (1999). Inhibitory motor control in stop paradigms: Review and reinterpreta-

tion of neural mechanisms. Acta Psychologica, 101, 179–211.

Cavina-Pratesi, C., Bricolo, E., Prior, M., & Marzi, C. A. (2001). Redundancy gain in the stop-signal paradigm:

Implications for the locus of coactivation in simple reaction time. Journal of Experimental Psychology: Human

Perception and Performance, 27, 932–941.

Colonius, H. (1990). A note on the stop-signal paradigm, or How to observe the unobservable. Psychological Review.

97, 309–312.

Colonius, H., Ozyurt, L., & Arndt, P. A. (2001). Countermanding saccades with auditory stop signals: Testing the

race model. Vision Research, 41, 1951–1968.

De Jong, R., Berendsen, E., & Cools, R. (1999). Goal neglect and inhibitory limitations: Dissociable causes of interfer-

ence effects in conflict situations. Acta Psychologica, 101, 379–394.

De Jong, R., Coles, M. G. H., & Logan, G. D. (1995). Strategies and mechanisms in nonselective and selective inhibi-

tory motor control. Journal of Experimental Psychology: Human Perception and Performance, 21, 498–511.

De Jong, R., Coles, M. G. H., Logan, G. D., & Gratton, G. (1990). In search of the point of no return: The control of

response processes. Journal of Experimental Psychology: Human Perception and Performance, 16, 164–182.

Goldstone, S. (1968). Reaction time to onset and termination of lights and sounds. Perceptual and Motor Skills, 27,

1023–1029.

Gopher, D., Armony, L., & Greenshpan, Y. (2000). Switching tasks and attention policies. Journal of Experimental

Psychology: General, 129, 308–339.

Jennings, J. F., van der Molen, M. W., Brock, K., & Somsen, R. J. M. (1992). On the synchrony of stopping motor

responses and delaying heartbeats. Journal of Experimental Psychology: Human Perception and Performance, 18,

422–435.

Jolicoeur, P., & Dell’Acqua, R. (1998). The demonstration of short-term consolidation. Cognitive Psychology, 36,

138–202.

Kohfeld, D. L. (1971). Simple reaction time as a function of stimulus intensity in decibels of light and sound. Journal

of Experimental Psychology, 88, 251–257.

Ladefoged, P., Silverstein, R., & Papcun, G. (1973). Interruptibility of speech. The Journal of the Acoustical Society of

America, 54, 1105–1108.

Logan, G. D. (1981). Attention, automaticity, and the ability to stop a speeded choice response. In J. Long & A. D.

Baddeley (Eds.), Attention and performance IX. Hillsdale, NJ: Lawrence Erlbaum Associates, Inc.

Logan, G. D. (1982). On the ability to inhibit complex movements: a stopsignal study of typewriting. Journal of

Experimental Psychology: Human Perception and Performance, 8, 778–792.

Logan, G. D. (1994). On the ability to inhibit thought and action: A users’ guide to the stop signal paradigm. In D.

Dagenbach & T. H. Carr (Eds.), Inhibitory processes in attention, memory, and language (pp. 214–249). San Diego:

Academic Press.

Logan, G. D., & Burkell, J. (1986). Dependence and independence in responding to double stimulation: A compari-

son of stop, change and dual-task paradigms. Journal of Experimental Psychology: Human Perception and Perfor-

mance, 12, 549–563.

Logan, G. D., & Cowan, W. B. (1984). On the ability to inhibit thought and action: A theory of an act of control.

Psychological Review, 91, 295–327.

488 MOREIN-ZAMIR AND MEIRAN



Logan, G. D., Cowan, W. B., & Davis, K. A. (1984). On the ability to inhibit simple and choice reaction time

responses: A model and a method. Journal of Experimental Psychology: Human Perception and Performance, 10,

276–291.

McGarry, T., & Franks, I. M. (2000). Inhibitory motor control in stop paradigms: Comment on Band and van Boxtel

(1999). Acta Psychologica, 105, 83–88.

Morein-Zamir, S., Nagelkerke, R., Chua, R., Frank, I., & Kingstone, A. F. (2002). Stopping a prepared response versus

ongoing response: Is there more than one kind of stopping? Manuscript submitted for publication.

Osman, A., Kornblum, S., & Meyer, D. E. (1986). The point of no return in choice reaction time: Controlled and

ballistic stages of response preparation. Journal of Experimental Psychology: Human Perception and Performance,

12, 243–258.

Osman, A., Kornblum, S., & Meyer, D. E. (1990). Does motor programming necessitate response execution? Journal

of Experimental Psychology: Human Perception and Performance, 16, 183–198.

Poldrack, R. (1996). On testing for stochastic dissociations. Psychonomic Bulletin and Review, 3, 434–448.

Ratcliff, R. (1979). Group reaction time distributions and an analysis of distribution statistics. Psychological Bulletin,

86, 446–461.

Rieger, M., & Gauggel, S. (1999). Inhibitory after-effects in the stop signal paradigm. British Journal of Psychology,

90, 509–518.

Rosenthal, R. (1991). Meta-analytic procedures for social research. Newbury Park, CA: Sage Publications.

Scheres, A., Oosterlaan, J., & Sergeant, J. A. (2001, June) The effect of methylphenidate on inhibition in children with

ADHD: A multiple-dose, placebo-controlled study. Poster presented at the 11th Scientific Meeting of the Interna-

tional Society for Research in Child and Adolescent Psychopathology (IRCAP), Vancouver, Canada.

Spieler, D. H. (2001). Modelling age-related changes in information processing. European Journal of Cognitive

Psychology, 13, 217–234.

Woodworth, R. S., & Schlosberg, H. (1954). Experimental psychology (Rev. ed). New York: Holt.

Original manuscript received 4 October 2001

Accepted revision received 8 March 2002

APPENDIX
Several additional analyses were conducted to examine the nature of the stopping process.

Analyses of undetermined SSRT trials where a lower criterion for stop was used successfully. These analyses aimed to

shed light on why the algorithm failed to detect initial stopping in 22.2% and 33.2% of the trials for Experiments 1 and

2, respectively. One possibility is that the criterion of four consecutive increasing deviations may have been too strict.

We therefore ran the algorithm on these trials employing a more lenient criterion of three consecutive increasing

deviations. This resulted in the identification of initial stopping in about half of the analysed trials (10.5% and 14.7%

of all trials, for Experiments 1 and 2, respectively). Due to the relatively small number of trials, the results were

somewhat less clear. In the first experiment, while the results for tracking difficulty were analogous to the previous

findings, this was not the case for trial length and signal modality. SSRT was faster on shorter trials (219 ms) than on

longer trials (266 ms), and no significant effects involving stop signal modality were found. An ANOVA on SSRT

revealed a significant main effect of trial length, F(1, 11) = 15.31, p < .05. An ANOVA on the newly defined SSDIS

indicated a significant main effect of tracking difficulty, F(1, 11) = 10.48, p < .01 (26 vs. 36 pixels). In Experiment 2,

SSRTs were longer for visual than for auditory stop signals (223 vs. 200 ms), but were also found to be shorter on

easier trials than on more difficult trials (202 vs. 225 ms). The ANOVA on SSRT indicated a marginal effect for signal

modality, F(1, 11) = 3.3, p < .1 and an effect for trial length, F(1, 11) = 5.8, p < .05.

Analyses of determined SSRT trials where reverses occurred. We were concerned that deviation from a linear cursor

motion (which indicated initial stopping) could have resulted from a change in target trajectory. Nonetheless, the fact

that SSRT was affected by stop signal modality in both experiments shows that it reflected stopping performance. A

few trials in Experiment 1 were characterized by reverses before initial stopping (0.9%). Reverses were defined as a

decrease in distance in observation N relative to observation N – 1. In order to refine the measure even further, we

excluded these trials. The results were analogous to those reported in Analysis of Trials with Determined SSRT. No

reverses were detected in the second experiment.
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